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Report Summary 
 
Market share leadership is a strategic imperative at many leading companies. However, 
surprisingly little is known about market leaders. This study addresses four key issues: (1) the 
frequency of market leaders maintaining their leadership over periods ranging from 5 to 89 
years; (2) whether leading brands that lose their leadership are able to regain it or whether loss of 
leadership tends to be permanent; (3) whether market leadership persistence varies as a function 
of economic conditions (i.e., GDP growth rate, inflation, unemployment); and (4) whether 
market leadership persistence varies by category type. 
 
The authors use two complementary datasets. First, they conduct an exhaustive search of 
archival records to compile a dataset of market share leaders in 125 categories measured in seven 
different years from 1921 to 2010. Second, they use an IRI dataset of 883 product categories 
over 23 quarters during 2003-2008. This second dataset includes marketing mix variables. 
 
The study’s primary findings are: 
1. Across sub-samples of different eras and category types, half of leading brands lose their 

leadership in periods ranging from 12-52 years. 
2. The rate of market leadership persistence is substantially lower in recent eras than in earlier 

eras. 
3. Once market leadership is lost, it is very rarely regained. 
4. Leading brands are more (less) likely to persist during economic slowdowns (expansions). 
5. Leading brands are more (less) likely to persist when inflation is higher (lower). 
6. Leading brands are more (less) likely to persist when unemployment is higher (lower). 
7. Certain category types have above-average (e.g., food and household supplies), below-

average (e.g., clothing and durables), and average (e.g., personal care) rates of market 
leadership persistence. 

 
The dominant implication of our findings is that managers should fight hard to retain leadership. 
Once a brand’s leadership is lost, that loss is nearly always permanent. A second implication is 
that market leadership provides a hedge against poor performance in a weak economy. Here, the 
gains of private-label brands do not come at the expense of market-leading brands. A third 
implication is that important factors affecting leadership persistence are outside of managers’ 
control. However, managers should attend to these factors when making decisions on other 
variables that they do control and managers should be especially rewarded for maintaining 
leadership when these uncontrollable factors are working against them. 
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Introduction 

Market share leadership is a strategic imperative at many companies. Battles for market 

supremacy have generated some of the most compelling histories in marketing—Coke vs. Pepsi, 

Huggies vs. Pampers, Microsoft Xbox vs. Sony PlayStation vs. Nintendo Wii. Brands with the 

highest market share tend to have lower average costs of production and advertising, a broader 

customer base, higher purchase frequency, and greater customer loyalty (Ehrenberg 1988; Fader 

and Schmittlein 1993; Raj 1985). Customers often use the top-selling brand as a heuristic in their 

purchase decisions (Aaker 1996). Leading brands also have more time to respond to competitors’ 

actions because of the ‘cushion’ of popularity (Ferrier, Smith, and Grimm 1999; Mitra and 

Golder 2006). The benefits of market share leadership are considered so obvious that the goal of 

becoming the top-selling brand is a corporate strategy at many prominent companies including 

Procter & Gamble and General Electric. 

Surprisingly, studies of long-term market leadership persistence are rare. In fact, the 

debate between those finding evidence of leadership persistence (Bain 1956; Bronnenberg, Dhar 

and Dubé 2009; Chandler 1962, 1990; Dekimpe and Hanssens 1995; Lal and Padmanabhan 

1995; Schmalensee 1982) and those finding evidence of leadership transience (Abernathy and 

Clarke 1985; Aghion and Howitt 1992; Golder 2000; Schumpeter 1939, 1989) is far from settled. 

In fact, economists view “the central problem with the [persistence] debate is that no benchmark 

is proposed relative to which the duration of leadership might be judged long or short” (Sutton 

2007, p. 222, italics added). Moreover, there is an emerging view that the current “financial crisis 

has changed the way companies and consumers view [brands]” resulting in “droves of 

consumers... switching to cheaper brands” and leading some to wonder “is brand loyalty a thing 

of the past?” (Wall Street Journal 2009a; 2011). Finally, recent research has called for 

investigating whether economic conditions play a role in market leadership persistence 

(Bronnenberg, Dhar, and Dubé 2009; Lamey et al. 2007, 2012). Such a focus is complementary 

to Lamey et al.’s (2007, 2012) extensive findings on private-label brands during economic 

contractions and expansions. Indeed, we seek to answer their call for research on whether 

“market leaders react differently to economic swings than small brands” and whether leaders are 

“better able to sustain in a contraction” (Lamey et al. 2012, p. 17). 
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In the current study, we construct a new database of market share leaders in 125 

categories measured in seven different years from 1921-2010 in order to address three 

fundamental questions: 

1. What are the rates of market leadership persistence over different durations and across 

different eras? 

2. Do these rates vary as a function of economic conditions and category types? 

3. How frequently do brands that lose market share leadership regain it? 

 To the best of our knowledge, no previous study has addressed these questions. Research 

on market leadership has taken a more micro view than we are taking, such as studying why 

customers are psychologically driven to change brands (e.g., Ganesh, Arnold, and Reynolds 

2000; Bolton 1998) or documenting customer loyalty within scanner data (e.g., Erdem 1996; 

Kamakura and Russell 1989). Our research takes a broader view, across a longer period of time, 

to answer our strategic, firm-focused questions. We focus on brands with the highest market 

share for three reasons. First, many firms strive to become market leaders, so we seek to evaluate 

the rewards associated with this leadership strategy. Second, our focus on the impact of 

economic conditions on market leaders provides a complementary perspective to existing 

research on the impact of economic conditions on private label brands. Third, across the multiple 

decades of our investigation, data on market leadership is much more readily available, valid, 

and reliable than is market share data for all brands in a category. In this study, we also replicate 

our primary findings using a second, more recent dataset containing market shares of all brands 

in 883 product categories over 23 quarters from 2003-2008. 

One possible result of our study is that neither economic conditions nor category types 

influence leadership persistence because market shares are essentially stationary (Bass 1974; 

Bass and Pilon 1980; Bronnenberg, Dhar, and Dubé 2009; Dekimpe and Hanssens 1995; Dubé, 

Hitsch, and Rossi 2009; Ehrenberg 1988; Erdem 1996; Lal and Padmanabhan 1995). Indeed, 

observational studies have proclaimed “many brands that were market leaders half a century ago 

are still market leaders today” (Ward, Light, and Goldstine 1999, p. 90) and “If you take 25 

popular product categories…the brands that were built [80 years ago] are still the dominant 

brands in the business today” (Trout 2005). Our study can assess these claims of market 

leadership persistence. 
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The remainder of the paper is organized as follows. The next section presents specific 

research questions that guide us in establishing baselines of market leadership persistence. Then 

we present competing theories for the potential effect of economic conditions and category types 

on market leadership persistence and propose research questions to guide our empirical 

investigation of these potential effects. In subsequent sections, we describe our data and present 

numerous descriptive results and model results. Next, we validate our economic conditions 

results using a second dataset. Finally, we summarize our findings, discuss their managerial 

implications, and outline directions for future research. 

 

Leadership Persistence, Economic Conditions, and Category Types 

Our initial goal is to establish baselines of market leadership persistence because none 

has yet been established by business researchers or economists (Sutton 2007). Our second goal is 

to determine the frequency of former leaders recapturing leadership. We pose five specific 

research questions to guide us toward these goals. Then, we discuss the potential effect of 

economic conditions on market leadership persistence. Because conceptual arguments exist for 

economic conditions having neutral, negative, or positive effects, we discuss these arguments 

and then pose a research question on their potential effects. Finally, we consider the impact of 

product category types on leadership persistence.  

 

Establishing baselines of market leadership persistence 

It is important for marketers to know whether market leadership persistence is low or 

high over short and long periods of time. Once a brand captures market share leadership, does it 

have a strong likelihood of maintaining that position? In other words, are managers correct in 

putting a great deal of weight on the number one position? To address these and similar broad 

questions, we pose five specific research questions. 

• What percentage of market share leaders retains their leadership from one year to each of 

several subsequent years? 

• Does this percentage vary across decades? 

• Does this percentage vary by category type? 

• What is the median number of years of leadership persistence? 

• When a market leader loses its leadership, how frequently is it regained? 
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Answers to these questions will begin to establish baselines for the duration of market 

leadership across category types and across eras. Moreover, the final question is critical to 

informing managers how much they should fight to retain or regain leadership.  

 

Effect of economic conditions 

One unexplored question in market leadership persistence is the influence of economic 

conditions on persistence. This omission is surprising since this is a natural extension of work 

already undertaken on the effect of economic conditions on private-label brands (Lamey et al. 

2007, 2012) and business-to-business SBUs (Srinivasan, Rangaswamy, and Lilien 2005). As 

these studies point out, even though managers cannot control macroeconomic conditions, they 

need insight into how these forces affect their brands in order to counteract or exploit these 

effects with the variables that are under their control. We frame our discussion in the context of 

weak economic conditions (i.e., low or negative GDP growth, high inflation, or high 

unemployment) because the world economy is now suffering through low growth and high 

unemployment. We expect the converse of these effects during strong economic conditions. 

Three possibilities exist for the relationship between a weak economy and market 

leadership persistence. The first possibility is that a weak economy will have no effect on 

leadership persistence. This outcome will be observed if the forces driving market share stability 

(i.e., customer inertia and offsetting competitive moves) are stronger than any potential effect of 

economic conditions. 

The second possibility is that a weak economy will have a negative effect on leadership 

persistence. Current research establishes the positive effect of recessions on private-label market 

shares (Lamey et al. 2007). Because market share leaders are often higher in quality and price 

than the average brand in a category (e.g., Tide detergent, Prestone antifreeze, Goodyear tires, 

Crest toothpaste), these leading brands may be negatively affected by weak economic conditions 

as customers search for less expensive alternatives. According to the Wall Street Journal (2008), 

“Many Americans are changing their everyday purchases and abandoning brand loyalty,” even 

“switching to cheaper detergents and softeners, a rare shift in one of the most brand-loyal 

product categories.” This relationship, however, has not been empirically tested. 

The third possibility is that a weak economy will have a positive effect on leadership 

persistence. Although we could not find any literature advocating this position, we believe that 
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there are two potential causes for this possible relationship. First, leading brands may be more 

likely than second-tier brands to remain profitable in a weak economy. One of the reasons 

companies value market leadership so highly is that profit margins tend to be higher than for 

non-leading brands (Ehrenberg 1988; Fader and Schmittlein 1993; Raj 1985). As a result, even 

when overall sales decline, profits may be sustained for leading brands in weak economies more 

frequently than for brands starting with smaller margins. Therefore, leading brands are relatively 

more likely to be able to continue to invest in advertising and product development (Lamey et al. 

2007). A second reason leading brands may be more likely to persist in weak economies is that 

financial pressure may force retailers to narrow product assortment. Market share leaders are less 

likely to see their shelf space reduced by retailers during this product narrowing than are lower-

tier brands (Wall Street Journal 2009b). Finally, from a consumer behavior standpoint, brands at 

the very top of the hierarchy may pose less of a risk to consumers when spending is more 

restricted, providing an assurance that they are getting their money’s worth. 

Because weak economic conditions could have a null, negative, or positive effect on 

market leadership persistence, we seek to answer this research question: 

• What is the relationship between market leadership persistence and economic conditions? 

 

Effect of category types 

Past research suggests that leadership persistence may be higher in food (e.g., 

Bronnenberg, Dhar, and Dubé 2009) and lower in durables (e.g., Golder and Tellis 1993). Our 

dataset includes five category types (clothing, durables, food, household supplies, personal care), 

enabling us to test more broadly whether category types affect market leadership persistence. 

Therefore, our research question on category types is: 

• What is the relationship between market leadership persistence and category types? 

 

 Our results can help managers understand the leadership persistence duration to expect in 

their product categories and can help researchers understand whether a particular brand’s 

leadership may be driven in part by category-level effects. Next, we describe the modeling 

approach used to evaluate our research questions.  
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Model 

Leadership is a duration time phenomenon that ends with either persistence (same leader 

as previous observation) or change (new leader compared with previous observation). We 

examine leaders at several discrete points in time. Accordingly, our data consist of (i) leadership 

persistence durations and (ii) leadership change events between observations. These data lead to 

two complementary approaches – Accelerated Failure Time (AFT) model and Life Table 

method, which we describe next.  

 

Accelerated Failure Time model 

For leadership persistence duration, we are able to obtain lower and upper bounds. These 

characteristics of the data mean that for all leaders, we have interval-censored persistence 

duration data. For the current leaders, we do not have an upper bound, but, instead, have right-

censored persistence duration data. In Table 1 (Tables and Figures follow References 

throughout), we present raw data for one category and show how these data are converted into 

observations for modeling. Next, we describe our model of leadership persistence duration, 

which is designed to handle both interval and right censoring. 

Suppose there are n observations for an AFT model expressed as: 

ln(y) = Xβ + σε 

 where: 

y is a vector of responses based on the leadership duration of individual brands;  

X is an n X k matrix of covariates (including the baseline intercept). We use two types of 

covariates: economic conditions (real annual Gross Domestic Product growth, annual change 

in Consumer Price Index, unemployment percentage) and category types (clothing, durables, 

food, household supplies, personal care); 

ε is a vector of errors with survival distribution function S (i.e., the probability that a brand 

retains leadership at any time t), cumulative distribution function F, and probability 

distribution function f. 

 

Thus:  

S(t) = Pr(εi > t), F(t) = Pr(εi ≤ t) and f(t) = dF(t)/dt 

 where εi is a component of the error vector.  
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 If all the responses are observed, the log likelihood L is:
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 The estimated covariance matrix of the parameter estimates is computed as the negative 

inverse of the information matrix of the second derivatives of L with respect to the parameters, 

evaluated at the final parameter estimates. This procedure is particularly appropriate for these 

data as it (i) accommodates interval and right censoring, (ii) allows a flexible baseline hazard that 

can be an increasing or decreasing function at either an increasing or decreasing rate, and (iii) 

produces efficient estimates (i.e., small standard errors). 

 

Life Table method 

For leadership change events in pre-specified time intervals, we can model a time interval 

as either containing or not containing a leadership change event. Table 1 shows how we 

transform our raw data into observations of time intervals that either contain or do not contain 

leadership change events. Given n discrete observations for a category, we obtain 
⎟⎟
⎠

⎞
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n , i.e., 
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n  possible observation intervals during which a leadership change event may occur. As 

the observation interval lengthens, there is a lower likelihood of a leading brand persisting. Our 
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primary objective in this analysis is to estimate the pattern of leadership persistence over time 

and across categories. 

 The Life Table method computes the value of the persistence function at each time based 

on the probability that the event occurs at a time greater than or equal to the start time of each 

interval. For interval i, let ti be the start time and qi be the conditional probability of non-

persistence. The probability of persisting to ti or beyond is: 

∏
−

=

−=
1

1

)1()(
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Note that for i = 1, ti = 0, hence the persistence probability 1)( =tS


.  Apart from the persistence 

estimate, we can also compute the hazard of losing leadership averaged at the midpoint of each 

interval. Finally, we can obtain the persistence probabilities for different types of categories and 

test whether each one differs from the overall survival probabilities. 

  

Data 

 We now describe our primary data. Later in the paper, we use a second dataset to validate 

our results on economic conditions. 

 

Sample of product categories 

 We use two criteria for selecting categories. First, we focus on consumer products 

because we rely on archival records for our market leadership data and consumer products are 

covered more extensively in the media than are business products. Second, we require categories 

that have satisfied broadly similar needs for many decades in order to analyze market leadership 

persistence over both short and long durations. 

Based on these criteria, our first dataset combines two samples of categories. Our first 

sample of categories is based on a 1921 study of leading brands in 100 product categories 

(Hotchkiss and Franken 1923). This study has been used and described in some detail in previous 

research (Golder 2000; Low and Fullerton 1994). We exclude five of their categories because 

nearly identical category names are used (toothpaste and dentifrice; soap and toilet soap), the 

original market leader is not an actual brand (lace and ribbons), or the category represents a 

unique category type within our data (insurance). We exclude an additional 18 categories 

because they have changed dramatically (e.g., corsets, shirt collars, typewriters, fountain pens, 
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garters). The remaining 77 categories consist of major categories that have served similar 

customer segments and satisfied similar customer needs over the last 91 years (e.g., soup, 

chewing gum, toothbrushes, motorcycles, baking powder, peanut butter, razors, soft drinks, tires, 

coffee, cigarettes, chocolate). 

A limitation of our first sample is that it does not include many technology-based 

consumer products, which have become common over the last several decades. Therefore, the 

second sample in our primary dataset consists of 48 product categories reviewed by Consumer 

Reports in the early 1960s or early 1980s. Samples 1 and 2 comprise our primary dataset. 

 

Market leaders 

 In order to evaluate long-term market leadership persistence, we require an extensive 

dataset of market leaders measured at multiple points in time over many years. We begin with 

the years used to construct our sample of categories: 1921, 1962, and 1982.1 Then we collect 

data on market leaders in four more recent years: 1995, 2000, 2005, and 2010. 

Collecting these data was labor intensive and this factor may be one reason why long-

term leadership persistence has been understudied. The two most common sources of our data 

are Business Week and Advertising Age, and we used numerous other sources following the 

accepted procedure for compiling archival data (Chandy and Tellis 2000; Golder and Tellis 

1993; Golder 2000; Srinivasan, Lilien, and Rangaswamy 2004). We were unable to determine 

the brand with the highest market share in every year of interest, but out of the 827 possible 

observations (77 categories x 1 year + 125 categories x 6 years), we found 625 market leaders. 

On average, it took almost two hours to find each market leader. We terminated the data 

collection when the publicly available data became so sparse that eight or more hours were 

required to collect each additional market leader. 

 

Economic conditions 

 In order to evaluate the economic conditions during a time interval, we obtain data on 12 

economic indicators during the observation period. These indicators are real GDP growth rate, 

consumer price index increase rate, short-term loan interest increase rate, personal savings rate 

                                                
1 The latter two years are in the middle of the periods used (1960-1965 and 1980-1985) to add newer categories by 
including ones reviewed in Consumer Reports during those periods. 
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growth, unskilled wage growth, S&P 500 index growth, industrial production index growth, 

producer price index increase rate, unemployment rate, and housing starts. A factor analysis 

reveals that three factors explain more than 90% of the variance in these indicators. Therefore, 

we use the indicator that has the maximum loading on each of the three factors to capture the 

economic conditions during each time interval. These indicators are real GDP growth rate, 

consumer price index increase rate (hereafter referred to as inflation), and unemployment rate. 

For each of these indicators, we compute the average of the annual percent change during a 

given time interval. For inflation and unemployment, we use data provided by the Federal 

Reserve Bank of St. Louis (www.economagic.com/fedstl.htm#CPI). For GDP growth rate, we 

cannot use the same data source since it does not begin until 1947. Therefore, we use data 

provided by the Bureau of Economic Analysis of the U.S. Department of Commerce 

(www.bea.gov/national/nipaweb). These data go back to 1930. In order to cover all of the years 

back to 1921, we append GDP for the period 1921-1929 based on Kendrick (1961). 

 

Results 

 We begin by presenting results on market leadership persistence over the various periods 

and category types in our data. Then, we introduce the concept of leadership half-life and present 

our results using this metric. Following that, we present our AFT results, which enable us to 

evaluate our research questions on economic conditions and category types. Afterwards, we 

present our Life Table results to provide additional insights on the effects of economic conditions 

and category types on market leadership persistence. Finally, we evaluate the robustness of 

results from our primary dataset and validate our results on economic conditions using a second 

dataset. 

 

Frequency of market leadership persistence and change 

We have 625 leadership observations in our dataset of 125 categories, resulting in 500 

leadership durations (see Table 2). In 330 durations (66%), leaders persist from one 

measurement observation to the next measurement observation. However, there are striking 

differences in leadership persistence across category types. The highest rate of leadership 

persistence is in household supplies (81%, on average) and the lowest rate is in clothing (47%, 

on average). We provide additional discussion on category types with our AFT model results. 
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Changes in leadership occur in two ways. First, a brand that never held leadership 

previously becomes the leader. Second, a previous leader regains leadership. The first scenario 

occurs in 30% of the leadership durations and the second scenario occurs in only 4% of the 

leadership durations. In clothing and household supplies, only one former leader in each category 

type recaptures leadership across 49 and 62 leadership duration intervals, respectively. The 

infrequency of former leaders recapturing leadership reinforces companies’ belief in the 

importance of market share leadership and justifies their efforts to achieve and maintain it. This 

result highlights the importance of the leadership construct itself by showing how difficult it is to 

regain leadership once it is lost. 

 

Market leadership persistence rates 

Table 3 reports leadership persistence rates across all categories for each of the intervals 

in our data. During the three five-year periods, 75-81% of leading brands maintain their 

leadership. During the four periods of 10-15 years, 65-77% of leaders persist. For the four 

periods ranging from 18-28 years, 56-67% of leaders persist. During the five periods of 33-48 

years, 39-52% of leaders persist. For five periods over 50 years, 27-38% of leading brands 

maintain their market share leadership. These results are the first documentation of long-term 

market leadership persistence rates for durations ranging from five to 89 years. 

Table 4 presents results separately for the five category types. Later in the results section 

we will use our model results to formally test for differences in market leadership persistence 

across category types. 

 

Standardized rates of market leadership persistence 

 Results in Table 3 are based on a variety of measurement durations. We standardize these 

rates in two ways. First, we convert overall persistence rates (Pd) during a measurement duration 

of d years in Table 3 into average annual persistence rates (P1) and then compute average five-

year persistence rates (P5) as follows: 
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We choose five-year duration because it is the shortest duration in our data and also because the 

strategic issue of long-term market leadership becomes meaningful only over a number of years. 

Our second approach to standardizing persistence rates is based on the concept of half-life in 

physics. We define the half-life of leading brands as the number of years until the percentage of 

leading brands in a sample of categories drops from 100% to 50%. Half-lives (in years) are 

calculated as: 

Half Life = 
)ln(
)5.0ln(

1P
 

 We report average five-year leadership persistence rates and half-lives of market leaders 

in Table 5. These standardized rates capture the same phenomenon, i.e., differences in leadership 

persistence across eras and measurement durations. Average five-year persistence rates range 

from 75-94%. Although market leaders tend to persist, many also face a meaningful threat of 

losing their leadership. In fact, in the most recent years (1995-2010), the half-lives of market 

leaders have fallen to 12-24 years. 

 

Half-lives across eras and measurement durations 

The results in Table 5 suggest that half-lives may be related to the era and duration being 

measured. Therefore, in Table 6 we report the results of a regression examining half-life as a 

function of era (i.e., calendar year in middle of measurement duration) and measurement 

duration (years).2 When considered separately, half-lives have a negative relationship with 

calendar year and a positive relationship with measurement duration. Yet, when both variables 

are considered together, calendar year alone captures the variation in half-lives. For each 

advancing decade, half-lives decrease significantly. 

 

Accelerated Failure Time model results 

We use the AFT model to formally evaluate our research questions on economic 

conditions and category types while controlling for calendar year (see Table 7). We also consider 
                                                
2 Multicollinearity is not a problem when including both variables. The signs of parameters do not change and the 
VIF is 2.6. 
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interaction effects between economic conditions and category types, but do not find robust 

interaction effects. 

 Economic conditions. We find that market leaders are significantly more likely to persist 

when real GDP growth is lower. As we explained earlier, many researchers have shown that 

private-label or store brands sell better when the economy weakens, and the conventional 

wisdom highlights the challenges faced by national brands during economic downturns. Thus, 

this result is surprising. 

Our second and third economic variables, inflation and unemployment, have similarly 

surprising effects on leadership persistence. We find that higher inflation and higher 

unemployment have positive effects on market leadership persistence. Both effects remain 

significant after controlling for real GDP growth. Overall, higher inflation and higher 

unemployment might be thought to push customers away from many leading brands because of 

diminished incomes. Yet, we find that higher inflation and higher unemployment actually 

promote leadership persistence. 

The effect sizes for the economic variables are large and meaningful. Each percent 

increase in GDP growth rate across an entire period (e.g., a change from 3% to 4% average GDP 

growth rate) is associated with a 27-30% decrease in expected leadership persistence duration, 

based on the range of parameters in Models 1 to 12 of Table 7.3 This result demonstrates the 

strong relationship between GDP growth and leadership persistence. For inflation, each percent 

increase (e.g., a change from 2% to 3% average inflation) is associated with a 15-19% increase 

in expected leadership persistence duration. For unemployment, each percent increase (e.g., a 

change from 5% to 6% average unemployment rate) is associated with a 23-26% increase in 

expected leadership persistence duration. 

Overall, our results support the conclusion that weak economic conditions (slower 

growth, higher inflation, or higher unemployment) promote leadership persistence. It appears 

that when the economy is weak, one group of customers switches to lower-priced, private-label 

brands, while another group of customers sticks with the market share leader.  

 

                                                
3 While this effect may seem large, a 1% increase, compounded across all years in a measurement period, is very 
substantial. 
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 Category type. As Table 7 shows, market leadership persistence is significantly below 

average for clothing and durables, above average for food and household supplies, and near 

average for personal care goods.4 These results are consistent with the earlier results presented in 

Table 2. We suspect that lower persistence for clothing is driven by its higher levels of fashion 

and involvement. Lower persistence for durables may be related to higher levels of technology. 

In food and household supplies, their higher persistence may be related to higher levels of 

nostalgia and perceived risk. 

 

Life Table method results 

We use Life Table results to further explore the effects of economic conditions and 

category types on market leadership persistence (see Table 8). These results confirm the 

significant effects of economic conditions on market leadership persistence. They also confirm 

the negative effect of durables, the positive effects of food and household supplies, and the null 

effect of personal care goods. 

Additionally, the Life Table analyses provide the survival functions of retaining 

leadership. Here, a surprising finding relates to the clothing category (see Figure 1). We see a 

reversal in the survival function from above average persistence under 45 years to below average 

persistence beyond 45 years. This result may suggest persistence at the individual customer 

level, but transience across generations of individuals in the clothing category. 

 

Robustness of results 

 We perform several additional tests to validate our results. First, we estimate our AFT 

model without the 18 cases where old leaders recaptured leadership. The parameter estimates are 

consistent, with all differences less than one standard error. Second, an alternative to our AFT 

model is to apply discrete data analysis, which models leadership change events. Even though 

the Life Table method focuses on leadership change, it is a univariate analysis. To examine the 

robustness of our multivariate AFT model results, we conduct two additional analyses. To begin, 

we use a logistic model for each leading brand over the six observation intervals. Then, we use a 

complementary log-log model to reflect a continuous time process. The latter model is less 

                                                
4 Household supplies is the base case in the full model. The individual category type results use all other category 
types as the base case. 
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susceptible to changes in the level of time aggregation than is the logistic model.5 Unlike our 

AFT model, which uses interval censoring to manage the problem of unequal observation 

intervals, these discrete event models use separate intercept parameters for each time interval and 

thereby account for differences in leadership persistence hazards across these unequal intervals. 

We report the results of these more sensitive analyses in Table 9. They confirm our AFT model 

results on GDP growth rate, inflation, unemployment and all five category types. In particular, 

we find that a 1% increase in average real GDP growth rate increases the hazard of leadership 

change by over 32%.6 Likewise, a 1% increase in average inflation and average unemployment 

decreases the hazard of leadership change by 20% and 13% respectively.    

Third, we consider how the results of the hazard functions estimated in the Life Table 

method correlate with the intercepts of the time intervals represented by the baseline log odds of 

leadership change in the logistic and complementary log-log models. We find that these 

correlations are significant and high (.71 and .67, respectively), which show that our results are 

robust across different functional forms. 

Finally, we estimate our AFT model using data from 1982-2010 and 1995-2010. These 

periods capture more recent market dynamics and shorter measurement intervals, which are less 

likely to miss changes in leadership than are the longer measurement intervals in our earlier data. 

Based on these data, we find consistent and significant parameters for GDP growth, 

unemployment, calendar year, and durables. Additionally, the parameters for food and household 

supplies are also consistent and significant for the longer period 1982-2010. 

 

Validation of results using second dataset 

 Our decision to focus on leadership persistence is driven primarily by its importance to 

companies and its complementary nature to existing research on private-label products (Lamey et 

al. 2007). In addition, market share data are reported more sparsely than leadership data across 

the many decades of our investigation. We now validate our results on economic conditions 

using a second, more recent, dataset that enables us both to evaluate market shares (as opposed to 

leadership persistence) and to control for three key marketing variables (price, distribution, 

feature and display advertising). We obtained market share data from IRI for brands in 883 

                                                
5 Details of these models can be found in Allison (2004), pp. 211-231. 
6 The percent change in hazard on account of a continuous explanatory variable is computed as 100(eβ-1), where β is 
the parameter estimate for each variable. 
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product categories over 23 quarters during 2003-2008 (Kruger 2009). Even though this period is 

substantially shorter than our primary dataset, these data allow us to examine how market shares 

of all brands are affected by economic conditions. We also are able to add to our findings on the 

frequency of regaining leadership once it is lost. 

Table 10 presents the effects of economic variables on the market shares of the top five 

brands (in terms of market share) and private-label brands. Consistent with results from our 

primary dataset, we find effects for all three economic variables. These results also shed 

additional light on our overall finding that poor economic conditions promote market leadership 

persistence. Based on the IRI data, we find that the number one brand’s market share is 

unaffected by GDP growth rate. However, GDP growth rate has increasingly important effects 

on the number two brand through the number five brand. Along with the negative relationship 

between GDP growth rate and private-label market share, these results suggest that customers 

increasingly switch from lower ranked brands to private label brands when the economy is weak. 

Conversely, when the economy is strong, brands two through five gain share while private-label 

brands lose share. 

In contrast with GDP growth rate, inflation has a direct positive effect on the number one 

brand’s market share. The number four and number five brands lose market share and the 

private-label brand gains market share when inflation is higher while the other brands are 

unaffected. Higher unemployment helps the number one brand and private label brands and hurts 

brands two through five. Overall, these results confirm our findings on economic conditions and 

help us understand why market leaders are more likely to persist when economic conditions are 

poor.  

In addition to validating our results on economic conditions, the IRI data allow us to examine the 

timing of regaining market leadership by prior leaders and the resultant hazard function. Table 

11 reports the number of past leaders regaining leadership relative to the time since leadership 

was lost. Here, we see that if a past leader does not regain its leadership within three quarters, the 

likelihood of regaining it diminishes dramatically. Similarly, in Figure 2, the hazard function of 

regaining leadership increases in the first few quarters, but declines greatly thereafter. These 

results further affirm that once market leadership is lost, it is rarely regained. Furthermore, firms 

have a very short window in which to recover leadership. 
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Discussion 

We conclude by summarizing our key findings, discussing their implications, and 

proposing directions for future research. 

 

Summary of findings 

To the best of our knowledge, this study is the first to document the rates of market 

leadership persistence across periods ranging from five to 89 years. Moreover, our study is the 

first to evaluate the effects of both economic conditions and five category types on market 

leadership persistence. We find that: 

• Leading brands are more (less) likely to persist during economic slowdowns 

(expansions). 

• Leading brands are more (less) likely to persist when inflation is higher (lower). 

• Leading brands are more (less) likely to persist when unemployment is higher (lower).  

• Across our sub-samples, half of leading brands lose their leadership in periods ranging 

from 12-52 years. 

• The rate of market leadership persistence is substantially lower in recent eras than in 

earlier eras. 

• Once market leadership is lost, it is very rarely regained. 

• Food and household supplies have above average rates of market leadership persistence. 

• Durables and clothing have below average rates of market leadership persistence. 

• Personal care goods have an average rate of market leadership persistence. 

 

Potential explanations for findings 

Market-leading brands may be more likely to persist during weak economic times for a 

number of reasons. We consider both supply-side factors and demand-side factors. On the supply 

side, profit margins tend to be higher for leading brands than for non-leading brands, thereby 

giving leading brands potentially more of an economic “cushion” against downturns. Their 

relatively greater profits allow them to continue to invest in product development, advertising, 

and channels when other brands need to cut back. In addition, financial pressure may force 

retailers to narrow product assortment and the retailers are unlikely to eliminate the leading 
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brand in a category. In contrast, strong economic conditions may result in more brand entries, 

thus presenting a greater challenge to leading brands.   

On the demand side, leading brands, at least among the non-durables in our study, may 

play the role of affordable luxuries. Consumers who need to cut back on their overall 

expenditures may try to compensate by holding onto, or even shifting to, leading brands in some 

categories. A similar, but slightly different, reason may be that leading brands represent stability 

in unstable times, whereby purchases of leading brands may invoke feelings of familiarity and 

comfort. This desire for comfort may be particularly strong during periods of high inflation. In 

addition, relative preference for leading brands might be higher in leaner economic times 

because the consumer has more confidence that the known brand will perform. Risk-taking may 

be attractive when the consumer has greater financial security, leading to more experimentation 

with other brands. 

Lastly, customer segments purchasing leading brands may be less affected by weak 

economic conditions than those segments purchasing non-leading brands. 

Implications 

 It has long been known that private-label brands do well when economic conditions are 

weak. Surprisingly, we now find that leading brands also do well in weak economies. During 

these times, meaningful segments of customers stick with leading brands, even as meaningful 

segments of customers switch to private-label brands. In addition to all of the other benefits of 

market leadership, one additional benefit is a hedge against poor performance during an 

economic downturn. 

Perhaps the most important implication of our findings is that managers should fight hard 

to retain market share leadership. Once a brand’s leadership is lost, that loss is nearly always 

permanent. 

Another striking conclusion is that important factors affecting market leadership 

persistence (i.e., economic conditions and category types) are outside of managers’ control. 

Managers of a single brand do not control the general economy nor do they determine the 

category type of their brand. Yet, based on our results, managers must pay greater attention to 

these factors when making decisions on other variables that they do control. During periods 

when economic conditions put leadership more at risk, managers of leading brands may need to 
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make extra investments to maintain their leadership. Such short-term investments can be critical 

because the loss of market leadership appears to be permanent in nearly all cases. 

Another variable outside of managers’ control is category type. Here, again, managers 

must realize that not all market leaders are equally likely to persist. Investors, too, should realize 

that market leaders in some categories are more valuable than market leaders in other categories 

even when short-term performance metrics (e.g., market share, ROI, growth) are identical. 

Since several factors in leadership persistence are outside of managers’ control, managers 

should be evaluated after taking these factors into account. Managers who maintain their 

leadership in more unfavorable conditions (higher economic growth, lower inflation, lower 

unemployment, durable goods, clothing) should be rewarded more than managers who maintain 

leadership in more favorable conditions (lower economic growth, higher inflation, higher 

unemployment, food, household supplies). 

 

Limitations and directions for future research 

Our study is the first to document market leadership persistence across various eras, 

durations, and categories, as well as to investigate the effects of economic conditions. As a 

result, it opens up many opportunities for future research. One potential limitation of our archival 

data is that leadership may have changed between observation years. We sought to address this 

concern in five ways. First, our AFT model is designed to handle interval censoring. Second, we 

find that measurement interval duration is not related to leadership persistence after controlling 

for calendar year in the middle of the interval (see Table 6). Third, IRI data confirm our results 

on GDP growth, inflation, and unemployment. Fourth, IRI data also indicate that brands that lose 

leadership need to recapture within a few quarters or the probability of ever recapturing 

leadership drops dramatically (see Figure 2). Finally, we further analyzed our IRI data and found 

that in a majority of categories the market share gap between the number one brand and number 

two brand is more than 10%. Such large differences suggest that leadership changes will not be 

frequent. 

A second limitation of our archival data is that we do not include marketing mix 

variables. We are able to partially address this concern by controlling for some marketing mix 

variables in the IRI dataset. Nevertheless, including more marketing mix variables remains a 

fruitful opportunity for future research. 

Marketing Science Institute Working Paper Series 20



 

A third potential limitation is that factors beyond economic conditions, category types, 

and marketing mix variables may affect leadership persistence. The decline in leadership 

persistence in recent years may indicate such additional factors. For example, it is possible that 

the disruptive nature of the Internet caused the declines in leadership persistence observed in 

2000 and 2005. However, it appears that managers may have adjusted to the new era as 

leadership persistence rates begin to trend upward again in 2010. 

A fourth potential limitation is the absence of profitability data. We analyze market share 

leadership since it is a common strategic objective. However, leading brands are not always the 

most profitable. Including brand-level profitability data may yield alternative insights. 

Overall, the greatest opportunity for future research may be to examine specific market 

demand and supply characteristics that can better explain our results. For example, which 

customers stick with leading brands even as other customers switch to private-label brands, and 

why do they not switch? We see some evidence in our current results that brand loyalty varies 

across the number one brand through the number five brand. How does this behavior vary across 

product categories? Supply-side factors could be the result of manufacturers’ investments, 

retailers’ support, or both. We suspect that a resources story is at work in our results whereby 

market leaders’ higher profit margins enable them to sustain investments in an economic 

downturn in contrast with following brands that need to curtail their investments. This effect is 

likely exacerbated because following brands must be in attack mode, which often requires more 

resources than a defensive mode. Additional research into the dynamics of leadership loss could 

also be quite valuable. Loss of leadership differs in speed; future research could examine the 

brand, category, and market characteristics that play a role in sudden losses of leadership versus 

more gradual losses.   
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Table 1 
 
Data Example for One Product Category and Resulting Observations for Two Model 

Types 

A. Data Example 
 
 Market Leader 
Category 1921  1962  1982  1995  2000  2005  2010 
Automobiles Ford Chevrolet Chevrolet Ford Ford Ford Ford 
 
 
B. Resulting Observations for Model 1: Accelerated Failure Time Model 
 
Category 
 

Brand 
 

Min 
Years 

Max 
Years 

Lower 
Bound 

Upper 
Bound 

Censoring 

Automobiles Ford 1921-1921 1921-1961 1 41 Interval 
Automobiles Chevrolet 1962-1982 1922-1994 21 73 Interval 
Automobiles Ford 1995-2010 . 16 . Right 

 
C. Resulting Observations for Model 2: Life Table Method 
 

Category Start Year End Year Years 

Leadership 
Change 
Event 

Automobiles 1921 1962 42 1 
1921 1982 62 1 
1921 1995 75 1 
1921 2000 80 1 
1921 2005 86 1 
1921 2010 90 1 
1962 1982 21 0 
1962 1995 34 1 
1962 2000 39 1 
1962 2005 44 1 
1962 2010 49 1 
1982 1995 14 1 
1982 2000 19 1 
1982 2005 24 1 
1982 2010 29 1 
1995 2000 6 0 
1995 2005 11 0 
1995 2010 16 0 
2000 2005 6 0 
2000 2010 11 0 
2005 2010 6 0 
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Table 2 
Frequency of Market Leadership Persistence and Change 

 
 

Category 
Type 

Number 
of Product 
Categories 

Number of 
Leadership 

Observations 

Number of 
Leadership 
Duration 
Intervals 

Number of Leadership 
Duration Intervals Ending in 

 
Persistence 
(no change) 

Change 
New 

Leader 
Old 

Leader 
Clothing 14 63 49 23 25 1 
Durables 44 189 145 87 52 6 
Food 39 224 185 131 49 5 
Household 
Supplies  

14 76 62 50 11 1 

Personal Care 14 73 59 39 15 5 
ALL 125 625 500 330 152 18 
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Table 3 
 Market Leadership Persistence Rates between Years of Observation 
(All Categories: sample sizes in parentheses) 
 
 

Beginning Year / Ending Year 1962 1982 1995 2000 2005 2010 

1921 
.51 

(57) 
.38 

(50) 
.31 

(54) 
.28 

(82) 
.27 

(71) 
.31 

(59) 

1962  
.67 

(46) 
.52 

(50) 
.45 

(67) 
.39 

(62) 
.39 

(51) 

1982   
.77 

(56) 
.65 

(78) 
.59 

(76) 
.56 

(61) 

1995    
.75 

(72) 
.71 

(70) 
.65 

(60) 

2000     
.76 

(111) 
.67 

(87) 

2005      
.81 

(84) 
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Table 4 
 Market Leadership Persistence Rates between Years of Observation by Category Type 
(Sample size in parentheses) 
 
A. Clothing 

Beginning Year / Ending Year 1962 1982 1995 2000 2005 2010 

1921 
.27 

(11) 
.00 
(4) 

.00 
(4) 

.00 
(14) 

.00 
(10) 

.00 
(6) 

1962  
.25 
(4) 

.00 
(4) 

.18 
(11) 

.00 
(8) 

.00 
(4) 

1982   
1.00 

(2) 
1.00 

(4) 
.50 
(4) 

.67 
(3) 

1995    
.75 
(4) 

.75 
(4) 

1.00 
(2) 

2000     
.70 

(10) 
.67 
(6) 

2005      
.80 
(5) 

 
B. Durables 

Beginning Year / Ending Year 1962 1982 1995 2000 2005 2010 

1921 
.60 

(10) 
.57 
(7) 

.50 
(8) 

.33 
(15) 

.36 
(11) 

 .36 
(11) 

1962  
.78 
(9) 

.46 
(13) 

.50 
(16) 

.29 
(14) 

 .23 
(13) 

1982   
.64 

(14) 
.52 

(25) 
.38 

(24) 
 .35 
(17) 

1995    
.65 

(20) 
.47 

(19) 
 .47 
(17) 

2000     
.63 

(38) 
 .45 
(29) 

2005      
 .71 
(28) 

 
C. Food 

Beginning Year / Ending Year 1962 1982 1995 2000 2005 2010 

1921 
.50 

(12) 
.42 

(26) 
.32 

(28) 
.35 

(34) 
.31 

(32) 
  .36 
(28) 

1962  
.79 

(19) 
.60 

(20) 
.54 

(24) 
.57 

(23) 
  .52 
(21) 

1982   
.73 

(26) 
.66 

(29) 
.61 

(28) 
  .54 
(24) 

1995    
.77 

(30) 
.79 

(29) 
  .69 
(26) 

2000     
.81 

(37) 
  .74 
(31) 

2005      
  .90 
(30) 
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Table 4 (continued) 
 
 
D. Household Supplies 

Beginning Year / Ending Year 1962 1982 1995 2000 2005 2010 

1921 
.60 
(5) 

.17 
(6) 

.25 
(4) 

  .25 
(8) 

  .25 
(8) 

  .17 
(6) 

1962  
.50 
(8) 

.67 
(6) 

  .33 
(9) 

 .30 
(10) 

  .29 
(7) 

1982   
.86 
(7) 

.60 
(10) 

.80 
(10) 

  .63 
(8) 

1995    
  .75 

(8) 
  .75 

(8) 
  .57 

(7) 

2000     
.85 

(13) 
  .70 
(10) 

2005      
.70 

(10) 
 
E. Personal Care 

Beginning Year / Ending Year 1962 1982 1995 2000 2005 2010 

1921 
.60 
(5) 

.17 
(6) 

.25 
(4) 

  .25 
(8) 

  .25 
(8) 

  .17 
(6) 

1962  
.50 
(8) 

.67 
(6) 

 .33 
(9) 

.30 
(10) 

  .29 
(7) 

1982   
.86 
(7) 

.60 
(10) 

.80 
(10) 

  .63 
(8) 

1995    
 .75 
(8) 

  .75 
(8) 

  .57 
(7) 

2000     
.85 

(13) 
.70 

(10) 

2005      
.70 

(10) 
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Table 5 
Standardized Five-Year Market Leadership Persistence Rates between Years of 
Observation 
 

 1962 1982 1995 2000 2005 2010 
1921 .92 .92 .93 .92 .93 .94 
1962  .91 .91 .90 .90 .91 
1982   .90 .89 .89 .90 
1995    .75 .85 .87 
2000     .76 .82 
2005      .81 

 
 

Half-Lives of Market Leadership (Years) between Years of Observation 
 

 1962 1982 1995 2000 2005 2010 
1921 42 44 44 43 44 52 
1962  35 35 33 31 36 
1982   34 29 30 33 
1995    12 21 24 
2000     12 17 
2005      16 
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Table 6 
Impact of Calendar Year and Measurement Duration on Leadership Half-Lives 
 

MODEL (1) (2) (3) 
Constant 1031.80*** 

(138.40) 
19.03*** 
(2.00) 

532.7*** 
(176.4) 

Calendar Year in Middle 
of Measurement Duration 

-.50*** 
(.070) 

 -.26*** 
(.088) 

Measurement Duration 
(years) 

 .36*** 
(.045) 

.22*** 
(.061) 

Adjusted R-sq 71.9% 75.9% 82.7% 
Observations 21 

*** p < .01, ** p < .05, * p < .10 
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Table 7 
Impact of Economic Conditions and Calendar Year on Leadership Duration 
 
 

MODEL  
(DV = Leadership Duration) 

(1) 
 

(2) 
 

(3) 
 

(4) 
 

(5) 
 

(6) 
 

Intercept 3.43*** 39.96*** 38.27*** 42.42*** 22.90* -14.68 
Time (Calendar Year)  -.019*** -.018*** -.020*** -.011** -.063** 

ECONOMIC CONDITIONS       
Real GDP growth (%)   -.30***   -.33*** 
Inflation (%)    .15**  .15** 
Unemployment (%)     .21** .23* 

WEIBULL BASELINE       
Shape .90 1.04 1.04 1.07 1.02 1.56 
Scale 1.11 .96 .96 .93 .98 .55 

FIT       
-2Log Likelihood   714.55 697.87 679.85 685.04 685.47 674.64 

   *** p < .01, ** p < .05, * p < .10 
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Table 7  
(continued) 

 
 

MODEL  
(DV = Leadership Duration) 

(7) 
 

(8) 
 

(9) 
 

(10) 
 

(11) 
 

(12) 
 

Intercept -13.11 -21.73 -20.74 -14.43 -12.07 -20.12 
Time (Calendar Year) -.056** -.098** -.091** -.062** -.050** -.093** 

ECONOMIC CONDITIONS       
Real GDP growth (%) -.32*** -.35*** -.35*** -.33*** -.31*** -.34*** 
Inflation (%) .15** .15** .17** .15** .14** .15** 
Unemployment (%) .22** .23** .24** .22** .21** .22** 

CATEGORY TYPES       
Clothing -.42**     -.86*** 
Durables  -.48***    -.83*** 
Food   .45***   -.20* 
Personal Care    -.030  -.53 
Household Supplies     .57** NA 

WEIBULL BASELINE       
Shape 1.08 1.08 1.08 1.06 1.07 1.12 
Scale .93 .92 .92 .94 .93 .89 

FIT       
-2Log Likelihood   547.94 664.55 665.59 674.61 669.08 652.33 

           *** p < .01, ** p < .05, * p < .10
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Table 8 
Life Table Model Results on Economic Conditions, Calendar Year, and Category Types 7

 
 
 

Variable Statistic Chi-Square Test Significance  
Time (Calendar Year) -1942.03 71.13 < .0001 
Real GDP growth (%) -87.19 49.94 < .0001 
Inflation (%) 14.24 17.82 < .0001 
Unemployment (%) 44.22 47.91 < .0001 
Clothing -2.31 .22 .6395 
Durables -20.95 12.43 .0004 
Food 16.28 6.09 .0136 
Household Supplies 7.93 3.25 .0714 
Personal Care -.96 .05 .8243 

  

                                                
7 Life Table provides univariate chi-square tests of the Log Rank test statistic, i.e., it refers to the effect of each 
variable separately on the overall survival function. 
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Table 9 
Model Robustness: Effects on Leadership Change Hazard8 
 

 

MODEL 
 

Conditional 
Log Odds  
of 
Leadership 
Change 

Complementary 
Log-Log 
Hazard of 
Leadership 
Change 

LOG ODDS OF LEADERSHIP CHANGE  
 

(1) (2) 
ECONOMY   

Real GDP growth (%) .28*** .21*** 
Inflation (%) -.18** -.17** 
Unemployment (%) -.12** -.09** 

CATEGORY   
Clothing 1.33* 1.27* 
Durables 1.41*** 1.37*** 
Food  .27* .22* 
Personal Care .20 .21 
Household Supplies - - 

FIT   
Log Likelihood -243.77 -240.19 
   
Model Significance < .001 .001 

  *** p < .01, ** p < .05, * p < .10

                                                
8 Models include separate intercepts for each of the 21 time intervals (e.g., 1921-62, 1921-82, 1921-1995, etc.). 
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Table 10 
Impact of Economic Conditions on Brand Market Shares 

 
 

MODEL  
(with Category Fixed Effects) 
 

DV: Market 
Share of #1 
Brand 

DV: Market 
Share of #2 
Brand 

 

DV: Market 
Share of #3 
Brand 

 

DV: Market 
Share of #4 
Brand 

 

DV: Market 
Share of #5 
Brand 

 

DV: Market 
Share of 
Private 
Label  

Intercept .21*** .12*** .068*** .039*** .0000071 .039*** 
ECONOMY       

Real GDP growth rate % .00024 .00078** .0020*** .0024*** .0026*** -.0047*** 
Inflation % .0014*** -.000030 -.00015 -.0011*** -.00061** .00066** 
Unemployment % .0011* -.0015*** -.00081*** -.0022*** -.0030*** .0022*** 

CONTROL       
Relative Price -.14*** -.066*** -.031*** -.0081*** -.0068*** -.018*** 
Relative Distribution .33*** .17*** .23*** .21*** .17*** .64*** 
Relative Feature and Display 
Advertising 

.60*** 
 

.68*** 
 

.50*** .22*** .35*** .31*** 

       
FIT        

R Sq 93.5% 94.7% 93.3% 82.3% 87.7% 97.7% 
F Test for no fixed effects < .0001 .0001 .0001 .0001 .0001 .0001 

*** p < .01, ** p < .05, * p < .10 
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Table 11 
Frequency of Regaining Leadership over Time 

 
 

Time to 
regain 

Leadership  
(in quarters) 

Number of Past Leading 
Brands that Regain 

Leadership 

1 224 
2 216 
3 564 
4 62 
5 23 
6 18 
7 40 
8 11 
9 8 

10 15 
11 14 
12 5 
13 4 
14 2 
15 10 
16 7 
17 2 
18 2 
19 0 
20 0 
21 0 
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Figure 1 
 

Survival Functions: Clothing vs. Other Category Types 
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Figure 2 
Hazard of Brands in IRI Dataset Regaining Leadership over Time (in quarters) 
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