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Research Questions

• What does AI know about marketing?

• Does it know as much or more than humans?

• Can it serve as a Marketing Knowledge System?
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Types of Marketing Knowledge

Foundational Knowledge:

• Established canon of validated principles & underlying mechanisms

• From academic textbooks, business education, empirical research

• Hard to train, often forgotten at point of decision

Marketplace Knowledge:

• Customers, competitors, company, collaborators, context (5 Cs)

• Proprietary firm data, localized market research, daily operations

• Hard to replicate; the core driver of modern competitive advantage
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Do managers know the core concepts?

1. Ipsos surveyed 1,226 marketing practitioners across the 

US, UK, Canada, and Australia.

2. Respondents completed a 10-question “Marketing 

Anchors” assessment to test core marketing knowledge.

3. Only about 35% of marketers met the benchmark for 

basic “foundational marketing knowledge.”

MSI Webinar – May 19, 2026



INDIANA UNIVERSITY

Can LLMs serve as Marketing Knowledge Systems?

Potential limitations:

• Knowledge Breadth & Accuracy
   - Coverage gaps

   - Misconceptions

• Reasoning Capabilities
   - Limited higher-order reasoning

   - Limited numerical reasoning

• Human-AI Interface
   - Sensitivity to question wording (e.g., complexity, length)

   - Sensitivity to prompt design
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Research Approach
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Benchmark of Foundational Marketing Knowledge

25 Recent marketing textbooks, average copyright year 2022

    60% Approximate coverage of commercial textbook adoptions

   at AACSB schools

32,990 Validated multiple-choice and true/false marketing questions

  3,781 Open-ended discussion questions used as test supplement
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Visualization of

Question Coverage

The main analysis uses 12 

data-driven topic clusters.

This reflects established, 

codified marketing knowledge.

It does not test tacit 

marketplace knowledge or 

fast-moving frontier topics that 

have not reached textbooks.



Baseline LLM Accuracy

GPT-family model 

accuracy rose from 

73% for GPT-3.5 to 

87% for GPT-4o.

Reasoning variants 

reached about 92%.
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Baseline LLM Accuracy (cont.)

Across major 

2025/2026 models, 

accuracy ranged 

from 84% to 94%.

Gemini was the top 

performer in this 

benchmark.



LLM Knowledge Coverage

• Models show few 

systematic blind spots

• Coverage improved across 

model generations;

post GPT-4o, topic effects 

are small
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Bloom's Taxonomy
Cognitive process levels from foundational recall to generative synthesis
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Higher order

Foundational Remember
Recall, recognize, list

Understand
Explain, classify, summarize

Apply
Use, execute, implement

Analyze
Compare, organize, differentiate

Evaluate
Judge, critique, justify

Lower-order processes form the foundation; higher-order processes build on them.



LLM Reasoning

• AI performs best on 

remembering and 

understanding

• Lower accuracy on 

applying, analyzing, 

and evaluating
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LLM Reasoning (Reasoning Models)

• Reasoning models

show much smaller 

sensitivity to 

cognitive demands

 ogniti e  rocess

 
ff
e
c
t 
o
n
  
e
rf
o
rm

a
n
c
e



LLM User Interface & Robustness Tests

Reword questions

-2.2 pts
Average effect on accuracy when 
wording changes but meaning is 
preserved.

Shuffle answer choices

-4.7 pts
Average effect on multiple-choice 
accuracy after answer options are 
reordered.

Clean-textbook subsample

87.7%
GPT-4o accuracy after removing 
textbooks with evidence of 
answer-order memorization.

Open-ended check 3,781 discussion questions scored 78-83/100 across models.

A 50-question human-coder validation correlated 0.844 with the 

LLM grader.

Conclusion: Performance remains high across evaluation modes, prompts, or 
question phrasing, and shows little evidence of memorization 

(rather than understanding)



Human Benchmarking

Overall accuracy by respondent group:

Undergrad 55%

MBA / pro 61%

PhD 63%

Current LLMs 94%

Range across current models: 84.2-93.7%



Human Benchmarking (cont.)

The human advantage 

shifts toward problem 

framing, judgment, and 

synthesis, especially 

with graduate-level 

education

Note: Based on relatively small sample sizes, see paper for details (including uncertainty estimates).
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Marketing foundations + marketplace knowledge Marketing foundations + frontier knowledge

Marketing foundations Marketing foundations + personal insight



The LLM as a Knowledge Layer

1. Frame the problem

Convert a messy business issue 

into testable marketing questions.

2. Retrieve foundations

Use LLMs to surface frameworks, 

theories, and known trade-offs.

3. Add marketplace insight

Combine with customer data, 

competitor intelligence, and 

constraints.

Where the LLM gives confidence

Explaining concepts and frameworks.

Checking whether a decision logic aligns with 

fundamentals.

Creating a first-pass map of relevant marketing lenses.

Where the manager remains accountable

Interpreting ambiguous market contexts.

Prioritizing among competing strategic objectives.

Owning evidence quality, ethics, and implementation.



Competitive Implication

Foundational marketing 

knowledge is becoming

table stakes

Segmentation, targeting, positioning, 

consumer behavior, brand equity, pricing 

frameworks, communications models.

Broadly accessible through general-purpose LLMs

Marketplace knowledge is

becoming more valuable

Customer-specific insights, salesforce 

learning, category dynamics, proprietary 

experiments, operational constraints.

Still scarce, contextual, and firm-specific



Limitations and Guardrails

1 Established knowledge is not frontier knowledge

The benchmark tests textbook-codified knowledge. Rapidly evolving areas such

as AI in marketing are underrepresented until they enter teaching materials.

2 Well-structured questions are not messy cases

The strongest evidence comes from unambiguous questions with an answer key.

Real decisions involve ambiguity, trade-offs, politics, and incomplete information.

3 Confidence is not verification

Use higher-reasoning modes for analysis.

Verify claims and recommendations against evidence and organizational context.
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Closing Thoughts

• The barrier to foundational marketing 

knowledge has fallen.

• The differentiator is knowing how to combine 

the canon with proprietary context, disciplined 

skepticism, and managerial judgment.
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Thank You!
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